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Course Description

This course is part of the graduate quantitative method sequence offered for graduate
students of political science in the School of International and Public Affairs. Building on
the first course, Quantitative Methods 1: Regression Analysis, this second course provides a survey
of more advanced empirical tools for causal inference in political science research. These
methods include experiments, selection on observables, and identification strategies, i.e.,
difference-in-differences, regression discontinuity designs, and instrumental variable
estimation, etc. We will illustrate the methods with the canonical applications drawn from

various fields, including political science, economics, public policy, and sociology.

The goal of this course is to provide students with adequate methodological skills for
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conducting cutting-edge empirical research in their own fields of substantive interest. The
course will proceed in a hands-on manner, involving a combination of lecture, lab sessions,
and problem sets, so students will hone in their quantitative toolkits by practicing the
methods in real data. The more proximate goals will teach students about potential outcomes
notation, offer clarity on what is (and is not) a causal effect, comprehend the assumptions
of each identification strategy, and provide guidance about how to evaluate research designs
and assess threats to validity.

Causal inference is no mystery at all. This course is to help students disenchant the
methodological complexity. It further encourages students to solve real-life problems with a

scientific and analytical mind.
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